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Abstract Co-analysis of multiple data types in BigQuery Recent upgrades
e Rapid growth of cancer data in recent decades has made data discovery and analysis difficult for Within our BigQuery ecosystem it is possible to join between the many data types based on key fields The Mitelman Database of Chromosome Aberrations and Gene Fusions in Cancer is a free-access
cancer researchers. ISB-CGC’s mission is to democratize access to large NCI cancer datasets. such as case IDs, gene name, cancer type and more. These joins can generally be made in less than a database devoted to chromosomes, genes, and cancer. The information in the Mitelman Database relates

minute for cents worth of cloud costs. cytogenetic changes and their genomic consequences, in particular gene fusions, to tumor
characteristics, based either on individual cases or associations.

e Data from NCI genomic and proteomic projects such as TCGA, TARGET, and CPTAC are populated
into hundreds of tabular compute ready tables of mutations, gene expression, and protein

abundance, which enable integrative data analysis in the cloud via SQL. RNAseq - case barcode Clinical New Circos plots to visualize database contents.
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Quarterly updates add thousands of new cases per year to the database. As of January 2025, the
database consists of:

sourced from the Genomic Data Commons. We populate the program metadata through the GDC API
iIncluding subject clinical data, experimental strategies, etc. We then use these metadata to aggregate
derived processed tables such as RNAseq, DNA methylation, etc.

e 79,082 cytogenetic cases
. Lo e 49,643 unique cytogenetic aberrations
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ISB-CGC hosts more than one thousand tables from a large variety of large cancer initiatives all open isb-cancer-genomics-cloud.readthedocs.io/ y yq P

access. We have a Search Tool on our Portal (isb-cgc.org) to assist in finding the right tables for your uses. feedback@isb-cgc.org @isb_cgc 4¢

Ask for help - we will get on a call.


https://datacommons.cancer.gov/
mailto:feedback@isb-cgc.org

